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On the T- S Fuzzy RBF Network Multi- variable Adaptive Controller

BAO Hong', HUANG Xirhan®, LI Xi-xiong'
(1. Dept. of Electrical Engineering and Automation, GDUT, Guangzhou 510090, China;
2. Dept. of Automatic Cortrol Engineering, Huazhong University of Science and T echnolagy, , Wuhan 430074, China)

Abstract: A new type of Takagi— Sugeno(T- S) fuzmy radial basis function (RBF) neural network was
proposed and applied to multi— variable control. The cluster algorithm of parameters and structure of the

network and the online self- learning algorithm were also discussed. Simulation results indicate that these
algorithms are effedive and the T— S fuzzy RBF network controller has good adaptability.

Key words: fuzzy control; the RBF neural network; multi— variable control; adaptive control.
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